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Sucasneé technicke rieSenie

Viola-Jones 2001
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R-Net

Conv

W{H=T=1=1}
B{H}

group = 1
kernel_shape = 1,1
pads =0,0,0,0

| strides = 1,1
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W {H=x H=3x3)
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dilations = 1, 1 _,m_, dilations = 1, 1

aroup = 1 group =1
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R-Net
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dilations =1, 1
group = 1
kernel_shape = 1,1
pads = 0,0,0,0
strides = 1, 1
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group = 1
kernel_shape = 3, 3
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R-Net

GlobalAveragePoal
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B {80}

dilations = 1, 1
group =1
kemel_shape = 1, 1
pads =0,0,0,0
strides = 1,1
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dilations = 1,1
group =1
kernel_shape = 1,1
pads =0,0,0,0
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W {(80x2048x1x1)
B (a0}

dilations = 1,1
group = 1
kernel_shape = 1,1
pads =0,0.0.0
strides = 1,1

Conv

W (3x2048x11)
B (3)

dilations = 1,1
group =1
kernel_shape = 1,1
pads =0,0,0,0
strides = 1,1

W {27=2048x1x1}
B {27}

dilations = 1,1
group =1
kemel_shape = 1,1
pads = 0,0,0,0
strides = 1,1

Conv

W {2x2048x1x1)
B (2)

dilations = 1,1

group = 1
kernel_shape = 1, 1
pads=0,0,0,0
strides = 1,1

Conv

W {1x2048x1%1)
B {1)

dilations = 1,1
group = 1
kernel_shape = 1, 1
pads = 0,0,.0,0
strides = 1,1
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Multi-stage
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Fig. 3: Architecture of the multi-stage CNN. The first set
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